4YeCTHbIM pa3roBop Ha HeYAobHY Temy:

YTO Hac pa3aparxkaet B DH u Kak He noTepATb
camoobnagaHus

#hvoronovo 2019
AHactacua boHUY-OcmonoBcKas
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O3APEHUE

IBOAOUMA PPYCTPaLNA

* Digital Humanities — HoBas
rymaHuUTapHaa Hayka 21 Beka

* Mbl oundpyem Bce

* 370 ByaeT o4eHb KpPacmBo

* 1y Hac Toxe byayT 6bonbline
LERTNIE

[TonbITKW
npeoaoneTb Kpusnc
ynupatrotca B n.1

YTOMAEHHOCTD

HecKoH4Yaemaa TAroMmoTUHa
CaMOKONMaHWA

HenoaenaHHOCTb Kak naeonorus

LLlapnaTtaHckue Bay-adpdeKThbl

beccmbiCneHHble Urpbl B
AO0Ka3aTe/IbHYI0 meanunHy
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TAroMmoTMHaA CaMOKONaHMA
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817 onpeaneneHnin

What Is Digital Humanities?

DH is where the traditional fields of the humanities meet the technological advances, and
increased accessibility, made possible by computers. It enables researchers to combine
traditional methods with the processing power of computers.

Sara Kerr



DH

OT MPOTUBHOIO:

*He HayKa
*HE MHCTPYMEHTDI
*3TO 0N
*3TO CEeKTa?



| still think digital humanities is hard to
define, but apparently, being hard to
define doesn’t prevent human
institutions from enduring and growing.

“DH” doesn’t have to be defined
abstractly at all. It could be understood
as an institutional achievement that
happens to exist on some campuses

Ted Underwood

https://tedunderwood.com/2015/09/07/digital-humanities-might-never-be-evenly-distributed/



https://tedunderwood.com/2015/09/07/digital-humanities-might-never-be-evenly-distributed/

Tpu ctonna DH

* MpMHUUNNANbHO HOBbLIU
noAaXoA, K COXpaHEeHMUIo
rymaHUTapHOro Hacneausn

* MpMHUUNNANbHO HOBbLIU
noaxopd, K A0CTYNHOCTH
rYMaHUTapHOro 3HaHuA

* MPUHUUNNANBHO HOBbLIE
MeToAbl NONyYeHUA
r'YMaHUTapPHOro 3HaHUA




HenonenaHHOCTb Kak MAeO0/10rnA
dpycTpaumna 2



[TpoeKTbl N0 LMPPOBOMY COXPAHEHUIO:
XygLne OXnaaHus

* UInppoBoe He 3HAYUT HaAEKHOoe
* UIndppoBoe He 3HAYUT NosIHoe

* Undpposoe He 3HaAUUT bbicTpoe

* UIndppoBoe He 3HaYUT AgelueBoe

[MpaKTUKa «3acToNnbuTb NaowagKky» Vs.
TPaANLUNOHHOE KOHCEPBATMBHOE HAKOM/IEHUE



What future for digital scholarly editions?
From Haute Couture to Prét-a-Porter (May, 2019)

The main problem is that creating such
an infrastructure requires a degree of
standardization and implies a loss of
originality in the edition itself: it
basically transforms the digital edition
into an edition produced and published

digitally.

We shape our tools, and thereafter our
tools shape us (Marshall McLuhan)

Elena Pierazzo



LLlapnaTaHCKue Bay-3QdEKTHI
dpycTtpaumna 3



LllapaaTaHCTBO Kak MOE3HbIM KOHLENT

[>KOH AHCBOPT. Hem aBNAeTCcA N yem He ABNAeTCA r'YyMaHUTapHaA
nHdopmaTtmka (ctatbs 2002 r.)

* Bce NpoeKTbl N0 ryMaHUTapPHON MHPOPMATUKMN OTANYAKOTCH HEKOTOPbIM
LIApNaTaHCTBOM

 LLlapnaTaHbl NPOAAlOT KaK MHTENIEKTYa/IbHYIO HEMPOTUBOPEYUBOCTb U
NIOTNYECKYI0 CBA3HOCTb ( TO, YTO Npeano/siaraeT CAOXKHbIM Tpya, ¢ 6onblIMM
KOJINYECTBOM LLAroB U AaHHbIX) MOBEPXHOCTHYIO paboTy, Npou3BeaeHHYIO
MrHOBEHHO, C nocseayowmMmm Wwab/oHHbIMU BbIBOAAMM.

* Camoe BaXHoe — 370 UHTEPAKTUBHOCTb, T.€. BO3SMOXHOCTb A/14
Nnoab30BaTeNEN reHepmnpoBaTtb CODOCTBEHHbIE Hay4Hble BOMPOCHbI. Ecan
UHTEPAKTUBHOCTUN HET, TO TaKoW MPOEKT —4NCTOE MOLLEHHNYEeCTBO.



Pesontouna 4OCTYNMHOCTU 3HAHWA

PaguKanbHoOe CHUXXeHue nopora

BXOZa U JOCTyna

* OHNANH KypCbl

* My3eu

* DAbIOTENHMEHT U CTOPUTENNTUHT
* KpayacopCuHr

* CBobOAHOE Bpems




Gonzo data science:
Sunspring — duM/abm NO CLEHAPUIO HEMPOHHOW CETH




OnaTb KUTaMCKaa KOMHaTa

YTo Mmbl mogenmpyem? HyxHa nm mogenb 6e3 no3HaHuA?



Shrdlu T.BuHorpaaa

MapKCUCTCKMIM NPpUHLMUN
[Mpakcuc — mbl A40NXKHbI
VUYUTLCA, ABUTAACDL B TY
CTOPOHY, KyAa AOIKHbI NATU

S~

M eed
M e

Green

Person: Pick up a big red block.

Computer: OK.

Person: Grasp the pyramid.

Computer: | don't understand which pyramid you mean.



beCcCMbIC/IeHHbIe UTPbI B
NOKa3aTe/IbHYI0 MeaANLNHY



Nan Z. Da. The computational case against
computational literary studies, Critical Inquiry, 2019.

______1

I
cultural analytics l_ g technical problems |
literary data mining ( logical fallacies |
quantitative formalism -

| conceptual flaws |

computational textual T
analysis computational

criticism what is robust is obvious and
algorithmic literary studies what is not obvious is not
robust

literary text mining




OcHoBHble npeTeH3nn Nan Z. Da

* the semantic reduction of the meaning of form and formalism to trackable
units

 a study of the patterns made by trackable things
e argumentative arbitrariness

* very little explanatory power

Bce nccnepoBaHua n metoabl MOXKHO CBECTU K:

basic measurements and statistical representations of overlapping
vocabulary

network analysis, digital mapping, linear and nonlinear regressions, topic
modeling, topology, entropy—are just fancier ways of talking about word
frequency changes



OcHoBHble npeTeH3nn Nan Z. Da

* [logcuet 4ACTOTHOCTEN C/I0B — 3TO HE moaennpoBaHue

* Ecnn mbl paboTaem co CTaTUCTUKOM TO HYXKHa Hy/1ieBaa rmnoTesa,
b6osiee cMNbHaA, Yem «CN0Ba HE MEHATCA»

* B npombllwNeHHOM AaTa MaHUHIe Bceraa ectb trade-off B nonb3y
TUMOBOTO.



[Toaxon Nan Z. Da

* Pa3bop 15 pabort

* OWKMOKKM B pasmeTKe/B Bblae/eHUM NPU3HAKOB/B MCMNO/1b30BaHNM
MEeTO0B

* OT/InYatoWwmecs pe3ynbtaTbl NPU UCMPAB/IEHNN OLLINOOK U
penpoayunpoBaHnm

* BbiBOA, O HECOCTOATE/IbHOCTU paboT
* BbIBOA, O HECOCTOATE/IBHOCTU NOoAXoAa



OtBeTbl Nan Z. Da: Fottis Jannidis, Cultural
analytics

* Henb3a aenaTb ABa YTBEPXHKAEHMA cpa3y: B paboTax ecTb OWKNOKY,
CTaTUCTUYECKMN meTo, He paboTaer.

* YacTOTHOCTb CNOB — 3TO MHAMKATOP. MHAMKATOP HMKOrAa He
Pa3BHO3HA4YeH ABNEHUIO U HE BbiparkaeT BCIO €ro CJA0KHOCTb

* lcchepgoBaHue AaHHbIX — BaXKHAsA 4acTb COBPEMEHHOM CTaTUCTUKMN,
BBeaeHHana B 1970x (John Tukey)

Tukey states "Exploratory data analysis can never be the whole story,
but nothing else can serve as the foundation stone—as the first step."



HoBbIn TpeHa: event/characters tracking

* Bamman, Popat, Sheng “An annotated dataset of literary entities”,
NAACL 2019

* Snigdha Chaturvedi, Mohit lyyer, and Hal Daume’ |ll. Unsupervised
learning of evolving relation- ships between literary characters. In
Association for the Advancement of Artificial Intelligence 2017

* Droog-Hayes, Wiggins, Purver “Automatic Detection of Narrative
Structure for High-Level Story Representation” 5t AISB Symosium on
Computational Creativity, 2018

e Sims, Park, Bamman “Literary Event Detection” ACL, 2019
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He 3abbiBaem nNpo nctokn: Wendy Lehnert

COGNITIVE SCIENCE 4 (293-331) (1981)

Plot Units and Narrative Summarization*
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sells watch
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gets chain

regrets ornament
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Sims, Park, Bamman “Literary Event Detection” ACL, 2019

(1) Stephen Dedalus, displeased and sleepy. leaned his arms on the top of the staircase and looked
coldly at the shaking gurgling face that blessed him, equine in its length, and at the light untonsured
hair, grained and hued like pale oak. (Joyce, Ulysses)

(2) My eyes followed his trim figure, richly though sombrely clad. then fell with a sudden dissatis-
faction upon my own stained and frayed apparel. (Johnston, 7o Have and to Hold)

(3) He generally arrived in London (like the influenza) from the Continent, only he arrived unheralded
by the Press; and his visitations set in with great severity. (Conrad, The Secret Agent)

Table 1: Three annotation examples with tagged event triggers in bold and candidate triggers that would not be
tagged underlined.



Sims, Park, Bamman “Literary Event Detection” ACL, 2019

Method Precision Recall F

Verbs only 17.7 (16.6-18.8] | 76.2 [74.1-78.3) | 28.7 [27.3-30.2]
Featurized 68.9 [66.2-71.7) | 50.5 [48.0-52.9] | 58.3 [56.1-60.4]
LSTM 66.6 [64.1-69.1] | 60.5[57.9-63.1] | 63.4 [61.3-65.5]
BiLSTM 70.4 167.8-72.9] | 60.7 [58.0-63.4] | 65.2[63.1-67.3]

+ document context

74.2 (71.7-76.6)

58.8 [56.0-61.6]

65.6 [63.5-67.8]

+ sentence CNN

71.6 [69.1-74.1)

56.4 [53.8-59.0]

63.1 [61.0-65.1]

+ subword CNN

69.2 (66.6-71.6]

64.8 (62.2-67.3]

66.9 [64.8-68.9]

+ BERT

75.5 (73.3-77.8]

72.3 [69.7-74.8]

73.9 [72.0-75.7)

+ subword CNN

73.6 [71.2-75.8)

73.3(70.8-75.7]

73.4(71.5-75.2)




Sims, Park, Bamman “Literary Event Detection” ACL, 2019

Put differently, prestigious novels I
don’t have the same constraints as

less prestigious ones in maintaining
our attention through something
happening in the narrative.

Event ratio

High prestige Low prestige



6. B. OPEXOB

Complex layer analysis 5
bamkupckni

CTHUX XX BeKa




Cnacmbo 3a BHUMaHue!




