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Introduction

2016 r. - Ha4ano paboTbl NO CO34aHMIO CMUCKA MAPKEPOB
2017-2019 rr. - pabota HYT
2020-2022 - HYJ1 yyuebHbIX KOpNycoB




[Tooxoabl K 0OTOOPY MapKepoB

1. W3yyeHne MeToaMuYecKon nuTepaTypbl N0 akageMnYeckomy Nucbmy

Mpobiema: peKomeHayemble KOHCTPYKLIMM 3a4acTyto NPOCTO

XapPaKTepHbl ANA BbICOKOIo ypoBHA BN1adeEHNA A3bIKOM, a HE O1A4

dkagemumnyeckoro AnCrypcCa

1. MapKepbl aKageMnU4ecKoro CTuaa, oTobpaHHbie B pe3yibTaTe
KOPMNYCHOro aHa/n3a 60nbworo ob6bema KOpnycHbIX AaHHbIX,
OTHOCALWMXCA K pa3HbIM *KaHpam (Biber et al., 1999; Biber & Gray, 2016)

MAatoc: amnupryeckoe o60CcCHOBaHWE NPUHAANEKHOCTU MapKepoB K
akaZJeMnyecKomy AUCKypcy




Groups of Features

Examples

1 NOUNS AND NOUN PHRASES

1.1 NOUN TOKENS

Nominalisations (e.g. education, happiness)

1.2 DETERMINER TOKENS

Demonstrative determiners (e.g. these costs)

1.3 NOUN PHRASES [token combinations]

noun + prepositional phrase (e.g. the hallmark of)

2 ADJECTIVES AND ADJECTIVE PHRASES

2.1 ADJECTIVE TOKENS

predicative adjectives (e.g. are not independent)

3 VERBS AND VERB PHRASES

3.1 VERB TOKENS

Specific prepositional verbs (e.g. occur in)

3.2 TOKEN COMBINATIONS WITH VERBS

Passive voice (e.g. is used to)

4 ADVERBS AND ADVERBIALS

Specific amplifiers (e.g. extremely, highly)

5 DEPENDENT CLAUSE FEATURES

Extraposed to-clauses (e.g. It is a challenge to determine)

6 OTHER FEATURES

Semi-determiners (e.g. certain, such)




Corpus | Number of tokens | Number of texts
Economics
Expert ~ 654,000 57
Learner ~ 146,000 68
Management
Expert ~ 683,000 61
Learner ~ 130,000 58
History
Expert ~ 622,000 65
Learner ~ 91,000 43
Political Science
Expert ~ 655,000 73
Learner ~ 57,000 29
Computer Science
Expert ~455,000 52
Learner ~ 112,000 59
Law
Expert ~738,000 91
Learner ~182,000 T7




Representativeness

-
|45 Representatividad del Corpus i — -

— - SO A

Estudio grifico A

0000 4
O 5 W 15 20 2 W I 0 45 0 &5
n® do documentos

[ Orden afabético — Qrden malono]

= — —

0,000 +
0

Estudio grafico B

100 000 200 000 300 000 %0000
Tokens

[

Ordan aMabitico — Orden aleatorio




PabGoTta c kopnycamu
.- -

Register

Full name

1 Documents

Email d CorpusEmtity
-
Password
| Articles Text
Confiem password Articie Tithe STRATEGIC ANALYSIS This paper [N >
- providing answers to rmmofn“.rd._ on the subject of
| tost oo the strategic analysis of the company. Within the framework of
these - there was developed the following theoretical
Rogsstc = purpose of the current proposal: to structure the avallable dats on
the strategic 1 of the oic I -
& - above sue in the S fONOWING PArtS of the article: 1)
Portal Pr = 2) Literature Review 3) Methodology 4) Results
Anticipated S) Conclusion The fifsSt past of the proposal
and the main purpoase of the
the professional
and of key terms. The sscond part of the
proposal the theoretical and practical background of the
study. The third part [N -~ #ort of practical
o Strategic analysis of a firm. The fourth part of the proposal ;
| Past
- S b s of tha EPSRR of SGrSEady. And | WePronoun
the last part ] the findings of current paper. Introduction
Background of the study. Market economy [l unstable FCompilex_prepositions

phenomencn. It [l o~ consumer demand. rather than at a !

Covsuthx
pre-approved plan. The former on external and |_Complex_conjunctions
| internat ITNNG—_— e enit | [ ¥oUeShe




Results

e CobpaHbl cTaTUCTUYECKME AaHHble Mo 40 mapKepam

® [lenAaTcAa Ha 2 rpynnbl:
o ‘HeponpepcTtaBneHHble’ (underrepresented)
o ‘NepenpepcTaBneHHble’ (overrepresented)

e YO0BNETBOPAIOT KPUTEPUAM:
O Pasnnuyme B HOPMaNN30BAHHOM YAaCTOTHOCTM CTAaTUCTUUYECKM 3HAUYNUMO
O BenunuuHa pasnmuma owyTtuma (top-3)

O Pasnnume xapakTepHO oA BCeX AUCLUNANH




Underrepresented features

mean effect size coefficient of variation

concessive clauses -69 -0.2
degree adverbs -54 -0.3
linking adverbials -44 -0.3

Overrepresented features

extraposed to cl-s 148 0.4
subj pred to-clause 24 0.3

this as a pronoun 19 0.4




Case: concessive clauses

mean effect size: -69%; coefficient of variation: 0.2

Although there are many forecasts devoted to the description of the future economic
situation, they are often inaccurate and mutually contradictory. (Learner Corpus,
Economics, 2015)

These same errors explain why ship prices are so high in booms, even though
earnings mean revert so rapidly in the data. (Expert Corpus, Economics, 2015)

‘Concessive clauses are often used to show the limitations of certain facts, events, or
claims’ (Biber et al. 1999, 825)




Case: concessive clauses

mean effect size: -69%; coefficient of variation: 0.2
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feature

concessive
clauses

degree adverbs

linking adverbials

Underrepresented features

example effect size

Even though in most testing cases the background is filled mostly by the vehicle color, the -69%
use of complex scenery in the generation process avoids overfitting.

At this time, the communication cost is equal to or slightly greater than the calculation -54%
cost.

Therefore, the wavelet transform can be used to make reveal the hidden information of  -44%
fault

Examples from Expert Corpus




extraposed to-clauses

subject predicative to-clause

this as a pronoun

Overrepresented features

feature example effect size
It is crucial not only to choose a right model, but also to select features. +148%
As we already stated above, the purpose of this research is to develop a smart office +24%

equipment control application

This means, that to reduce the number of accidents, the telecommunication company +19%
incorporate some changes to the network organization.

Examples from Learner Corpus




Further steps

MpoBepuTb N YAYULINTb MEXAaHU3MbI BbIABIEHUA MapKepoB (TOYHOCTb U NOSIHOTA)

® BbiABUTb Hanbonee 3Ha4YMMble MapKepPbl aKaZEMMUYECKOrO PernmcTpa NnyTem CoOnocTaBaeHnA
3KCMEepPTHOro Kopnyca 1 NMMCbMEHHOTO Kopnyca obLuero xapaktepa

® [lpoBeCT KAYeCcTBEHHbI aHaIN3 Mo Hanbonee 3HAYMMbIM MapKepam, YTobbl onpeaenvTb
NPUYNHY PA3NNYNIA;

O learner v expert language user?

O project proposal v journal article?




Implications

ESL students’ challenges in academic writing:

a) language
b) genre

c) research




Data-driven learning (DDL)

for a student
for a teacher

- reference materials - sample texts
- priority markers

- mistake prevention - Ss’ statistics
- materials for exercises

- automated system of feedback

and tests




Concordance lines as reference material

Compora KWIC: VB R*.. X

v | [ searen L)

search VB (R*}0.3). Occurrences 46,966 (97 91) Texts 510 v Corpus  Espert v context 7 v Text

p__=asr_______ It [aYal=y . Kinhr |
1 A20al big data. The traditional big data is based on the Internet environment. Altl°
2 A20aracteristics of the research object are known in advance, and then performs ¢

3 A2Mds and automatic control methods are all studied in this way based on a small

4 A20 system's operational process data  is preserved by informatizing the complex bel
5 A20nd distributed database technology was widely used. However, the application of thes
6 A20the application of these databases is based on real-time query processing te
7 A200 new demands. Because the data  is processed  in a simple way, the specified d¢
8 A20in a simple way, the specified datanply digitally procesand the intrinsic information con
9 A20n products, data analysis platforms are mostly built on cloud computing and cloud s
10A20ate of China's industrial enterprisesonly 5.1%. Comparwith developed countries, there
11A20to General Electric, the sensor has been embedded in 250,000 "smart machines" me
12A20. Standard process for data mining  is presented  in the Figure 1. Business Under:
13A20he same time, preliminary analysis is needed to understand the preliminary ch
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Stats for mistake prevention

Passive voice
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Exercises (1)

Find examples of the active and passive voice in the extract below:

Likert was interested in correlational relationships among certain internal influences (e.g., leadership),
aspects of employees’ future service potential (e.g., attitudes), and emergence-enabling systems (e.g., group
process and climate), and in how those might then relate to changes in outcomes such as productivity
(Likert & Bowers, 1973). He speculated that with enough units where people do very similar work and
turnover is low or enough periods of data within one unit, an organization might be able to use these
relationships to predict “savings or loss due to changes in productivity capability of the human
organization” (Likert & Bowers, 1973: 21), and capitalize this as an asset. He also suggested that future
changes in income streams due, for example, to changes in climate could be projected and used to
estimate the present value of the human capital resource (Likert, 1967). While he proposed these
relationships might exist, his work focused more on measuring predictors like job satisfaction and on
identifying correlational relationships, and not on developing a formal human capital valuation model.




Exercises (2)

Correct the following sentences:

1) To handle this limitation my research will be base on data from “IR magazine Russia” ...

2) Lorenzo (2011) studied the use of the term operational model and concluded that it has been first
used to describe the organizational structure of business divisions.

3) Moreover, the literature seems to be wanting of contributions focused on the design of logistics
operations for roadshows from event management point of view.

4) The presentation of the all results will use an appropriate pattern in order to implications will be
described accurately and objectively.

5) His model is also included 32 strategic tasks grouped according to these phases.




Exercises (3)

Which modal verbs precede Passive Voice and what do they signify?

Corpora KWIC_VB.R* . X
Search L]

Search VB (R )0.3} Occurrences 46,366 (97.91) Texts 510 ¥ Corpus  Expert ¥ Context 7 ¥ Text
T2 il STt (aTal=] =ATaXal

14EJIsselect projects in which costs have)een underestimate(Connolly & Dean, 1997). Three "
23AHR did, those advantages could haveiickly borrowed and by Asian polities “to build navies
42AP% locations where APCs could have been stolen. To do so, we map the two
13EJI¢ alternative choices]...] could have been made yielding many different models fi
44JP-3 internal armed conflict could have been restrained in the mid-1970s, there might he
44JP-:UN PKO policy conflict could have  been reduced by an additional 10 per- centage
41JM¢So test whether the data could have been affected by multicollinearity, we conducte
27JMF high level of donations could have been sustained, the SPD’s strike fund would hav
43AP<16 presidential election could have  been affected by more factors than foreign poli
14EJId9ation. Then employees could have been instructed in secure means to take laptops
21JFEthat the OLS estimates could have been attenuated by measurement errors. Howeve
24HJ-:many turnsole feathers could have been gathered together’. He mar- velled at the '
171JDke document frequency could have been used to assess similarity, due to the u
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Practical Implications & Further Research

1. Academic Writing Ha 4-m Kypce
2. CemunHap gna AWC

3. Conference paper(s)
4. Research paper(s)
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